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A Note Before Part 7

Parts 5 and 6 of this masterclass built two workflows that operate inside the finance function: the Finance

Operations Copilot at the transaction level and the AI Board Reporting at the synthesis level. Part 7

introduces the first workflow that operates outside the finance function in its primary ownership.

The Pipeline Intelligence System is operationally owned by Michael O'Brien (CRO) with Lisa Mahoney

(Sales Operations Manager). The finance function is a stakeholder rather than the owner, because the

workflow consumes pipeline data and produces forecasts that feed directly into revenue forecasting. The

CFO's role is to specify what the finance function needs from the output, and to apply governance to the

workflow because Tier Three classification extends across function lines.

This part teaches a slightly different pattern from Parts 5 and 6. The workflow is the same in its

architecture: data loading with verification, specific analytical questions, synthesis, documentation. What is

different is the analytical lens. The Part 7 workflow analyzes behavior patterns across people and time. The

principal seeded pattern is one rep with a consistent optimism bias, visible only when aggregated over many

quarters of close data. The workflow surfaces what no individual deal review would catch.

The Q3 2025 forecast miss that John Campbell learned about in discovery (Part 2) was not an unlucky

event. It was the consequence of a pattern that was visible in the data but invisible to the people running the

pipeline because they had no tool that surfaced it. The Pipeline Intelligence workflow is the tool. It does not

predict the future. It detects the patterns in the past that should inform how the present pipeline is read.

The Use Case Three data package, Use_Case_3_Data.zip, accompanies this PDF. It contains five files: a

current pipeline snapshot of fifty active opportunities, sixty-nine historical closed deals across four quarters,

the three-rep roster with quotas and tenure, five quarters of pipeline coverage metrics, and the stage

definitions document with gating criteria and historical conversion rates.

A forecast is only as good as the discipline behind the pipeline it draws from. The

Pipeline Intelligence workflow inspects the discipline before it weights the pipeline.

Hindol Datta
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Section 1 · The Business Problem

In September 2025, Helix Cloud Systems missed plan by approximately one point four million dollars. The

miss was driven by a single Stage Five opportunity that did not close as forecasted: a multi-phase enterprise

deal at Wexford Insurance worth one point two million in committed ARR. The CRO at the time told the

board the slip was the result of an unexpected procurement delay at the customer side. The audit committee

chair asked whether the deal had been appropriately staged. The conversation moved on without a clean

resolution.

What John found in the data

John Campbell, in his first month, did what no one had done before in any systematic way. He pulled the full

historical pipeline data covering the trailing four quarters and looked at slip rates by sales rep. The data was

already available. No one had aggregated it in this specific way before.

The findings were clear. Of the three sales account executives, one had a slip-or-lose rate of

approximately fifty-seven percent across his deals: nine slipped and four lost out of twenty-three total deals.

The other two reps had slip-or-lose rates of twenty-two and thirty-three percent. The slipping rep was Marco

Russo, the Enterprise AE, who owned the Wexford account.

The Q3 2025 miss was not bad luck. It was the predictable consequence of a staging discipline problem

that had existed for multiple quarters but had never been surfaced because no one was looking at the data

through the right lens. Michael O'Brien, who joined as CRO in March 2025, had inherited the team. He

managed the deals as they appeared in the pipeline, but the aggregate behavior patterns were not visible to

him.

The cost of the current state

The visible cost was the one point four million dollar Q3 2025 miss and the board confidence cost that

followed it. The deeper cost is forward-looking. As of May 2026, Marco currently has four Stage Five deals

that have aged beyond the thirty-day threshold defined in the stage definitions document. One of them, Indigo

Manufacturing at one hundred ninety-eight thousand dollars, has been in Stage Five for sixty-two days. The

same pattern that produced the Q3 2025 miss is visible again in the current Q2 2026 pipeline.

The Series C window is twelve to fourteen months away. A second forecast miss before the Series C

would be more consequential than the first, because it would confirm to institutional investors that Helix has

a pattern, not an isolated event. The finance function cannot fix the underlying sales discipline. What the

finance function can do is build a tool that surfaces the pattern so the CRO and the sales operations function

can act on it.



AI Workflows for the Modern CFO Part 7 · Pipeline

© eFuturesCFO · Hindol Datta 5

What we will build

The Pipeline Intelligence System takes the current pipeline snapshot, the historical close outcomes, the rep

roster, the pipeline coverage metrics, and the stage definitions as inputs. It produces three outputs.

First, a rep-level pipeline health analysis that surfaces individual reps whose behavior patterns warrant

attention. The analysis is not personal. It is structural. The output identifies patterns the rep's manager can

address through coaching, staging discipline review, or quota recalibration.

Second, a deal-level risk flagging output that identifies specific opportunities in the current pipeline

whose characteristics suggest they should not be weighted at their stage-implied probability. A Stage Five

deal that has been in Stage Five for sixty days is not a Stage Five deal anymore. The workflow surfaces these.

Third, a probability-weighted forecast that uses both the stage and the rep-adjusted history to produce a

more honest view of expected bookings than the stage probabilities alone would suggest.

What the workflow is and is not

The workflow detects patterns in past behavior to inform how present pipeline is read. It does not

predict individual deal outcomes, replace the sales manager's judgment, or assign blame to any

individual rep. Its output is a structured set of observations and a probability-weighted forecast. The

CRO and the Sales Operations Manager review the output and decide what action to take.
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Section 2 · The Eight-Step Methodology Applied

This section walks through the eight-step methodology from Part 4 as applied to the Pipeline Intelligence

System.

Step One: Articulate the business problem

In one sentence: "The Helix sales forecast is unreliable because staging discipline varies meaningfully across

reps and the variance is invisible to the people running the pipeline. The cost of the unreliability is most

visible in the Q3 2025 miss and is visible again in the current Q2 2026 Stage Five exposure to one rep."

The function that owns this problem is sales operations, specifically Michael O'Brien and Lisa Mahoney.

The finance function (John Campbell) is a stakeholder because the workflow's output feeds the revenue

forecast.

Step Two: Specify the output

The workflow produces three categories of output.

First, the rep-level pipeline health analysis. Format: a table with one row per rep, showing historical slip

rate, current pipeline value, current Stage Five exposure, and current Stage Five aging beyond the thirty-day

threshold. Plus a brief narrative interpreting the pattern.

Second, the deal-level risk flagging output. Format: a list of specific opportunities flagged for sales

operations review, with the reason for flagging (stage age, rep history, or both).

Third, the probability-weighted forecast. Format: a table showing the unadjusted forecast (stage

probabilities applied to pipeline) and the adjusted forecast (stage probabilities adjusted by rep-specific

historical conversion rates).

Step Three: Classify risk

The workflow is Tier Three. Its outputs influence the revenue forecast that flows into board commentary, the

Series C investor materials, and the operating plan. The outputs do not directly enter financial statements, but

their downstream effects are material enough to warrant Tier Three controls.

Step Four: Map data flow

The workflow reads, in production, the following data sources.
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Input Source Classification

Current Pipeline Salesforce via MCP Confidential

Historical Close Outcomes Salesforce via MCP Confidential

Rep Roster Rippling via API Restricted

Pipeline Coverage Metrics Looker via MCP Confidential

Stage Definitions Internal docs Internal

Step Five: Design the human review pattern

Review-before-output. The rep-level analysis and the deal-level risk flagging are reviewed by Michael

O'Brien (primary) and Lisa Mahoney (operational). The probability-weighted forecast is also reviewed by

John Campbell because it feeds the revenue forecast. Anything contentious escalates to the CEO.

Particular care is required for the rep-level analysis. Outputs that surface individual rep behavior must be

handled as a management input, not as a verdict. The workflow output is reviewed by Michael before any

conversation with the affected rep, and the conversation is framed as a coaching opportunity, not as a

performance critique.

Step Six: Specify the audit trail

Every workflow invocation produces the thirteen-field audit trail. Retention is seven years. Audit trail access

is read by Michael, John, Naomi (General Counsel), and Wei (Head of Security). The trail does not contain

employment-decision metadata; it contains only the workflow invocation and output.

Step Seven: Define the substitution path

Primary model: Claude. Alternative: GPT. The workflow is designed to swap with approximately two

engineering weeks of work. Annual testing of the substitution path applies.

Step Eight: Approval and registration

Approval obtained from the Governance Working Group plus an additional review by Karen Lindqvist

(CHRO) given the workflow's analysis of individual rep performance patterns. The workflow is registered as

WFR-003 with version 1.0. The Q3 2026 forecast cycle will be the first cycle in which the workflow is used

in pilot mode.
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Section 3 · The Data Package Walk-Through

Open the Use_Case_3_Data.zip file before continuing. Inside the zip you will find the common folder you

already know, plus a new folder titled uc3_pipeline_intelligence with five files.

current_pipeline.csv

Fifty active opportunities as of May 27, 2026. Each row has an opportunity ID, account name, segment, ACV

amount, stage (one through five), days in current stage, owner, stage entry date, expected close date, and

industry. The principal file the workflow analyzes for current pipeline health.

historical_closed_opportunities.csv

Sixty-nine closed deals across the trailing four quarters. Each row has the opportunity ID, account name,

ACV, outcome (Won, Lost, or Slipped), owner, close date, days from creation to close, segment, and the

forecasted quarter. This is the data that surfaces the rep-level slip-rate pattern.

rep_roster.csv

Three rows, one per sales account executive: Marco Russo (Enterprise AE), Diego Martinez (Senior AE),

Hannah Foster (AE). Each row has role, tenure, quarterly quota, and territory.

pipeline_metrics_history.csv

Five quarters of pipeline coverage metrics: pipeline at start of quarter, quota, coverage ratio, actual bookings,

and attainment percentage. Useful for putting the current Q2 2026 coverage in historical context.

stage_definitions.md

The gating criteria for each of the five pipeline stages, plus the historical conversion rates and the

days-in-stage guidance. The document explicitly notes that the Q3 2025 forecast miss was traced in part to

staging discipline erosion.

How to look at the files

Spend ten minutes with the files before beginning the tutorial.

Open current_pipeline.csv. Sort by stage descending, then by days in current stage descending. The first

few rows show the Stage Five deals with the longest aging. Notice the owner column. The pattern that one

rep dominates the long-aged Stage Five list is visible immediately.

Open historical_closed_opportunities.csv. Filter by outcome equals Slipped. Count the slipped deals by

owner. The pattern of one rep dominating the slip outcomes is again visible.

Open stage_definitions.md. Read the section titled "Days in Stage Guidance." Note that Stage Five deals

beyond thirty days warrant review. Then return to current_pipeline.csv and count how many Stage Five deals
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exceed thirty days. Four of them. All four owned by Marco Russo.

The pattern is in plain sight

The patterns this workflow detects are visible to any human who spends ten minutes with the data and

asks the right questions. The value of the workflow is not in seeing what is invisible. The value is in

surfacing the patterns consistently every cycle, so that the questions get asked every cycle rather than

only after a forecast miss.
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Section 4 · Step-by-Step Tutorial: Building the
Workflow

You will now build a working version of the Pipeline Intelligence System using either Claude or ChatGPT.

The pattern is the same pattern you have used in Parts 5 and 6: establish the role, load the data with

verification, ask specific analytical questions, synthesize, document.

Plan for approximately forty-five minutes. The tutorial has eleven steps.

Tutorial Step 1: Start a fresh conversation
Open your browser. Navigate to claude.ai or chatgpt.com. Start a new conversation.

Why this matters:

Each workflow gets its own conversation. The Pipeline Intelligence workflow has a different purpose and
different audience than the workflows in Parts 5 and 6. Mixing them in one conversation produces inferior
outputs.

Tutorial Step 2: Set the role and context
Paste the following prompt.

You are acting as my Pipeline Intelligence workflow for a Series B B2B SaaS

company called Helix Cloud Systems. I am the CFO, John Campbell. The company has

$22.4M in annual recurring revenue, 142 employees, and uses Salesforce as its

CRM.

Your job is to help me and the CRO (Michael O'Brien) analyze the sales pipeline

for forecast reliability. The workflow has three specific objectives:

1. Identify rep-level behavior patterns that affect forecast reliability

2. Flag specific deals in the current pipeline whose characteristics suggest

they should not be weighted at their stage-implied probability

3. Produce a probability-weighted revenue forecast that uses both stage

probabilities and rep-specific historical conversion rates

I will provide the following files:

- A current pipeline snapshot with active opportunities

- Historical closed opportunities for the trailing 4 quarters

- The rep roster with quotas and tenure

- Pipeline coverage metrics history

- The stage definitions document with gating criteria
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You operate under a governance framework. The workflow's output regarding

rep-level patterns is treated with particular care. Outputs that surface

individual rep behavior must be framed as observations and coaching

opportunities, not as performance verdicts. The CRO (Michael O'Brien) reviews

this output before any conversation with the affected rep.

Please confirm you understand the role and the three objectives, and ask me to

paste the first file.

Press send.

Why this matters:

The role prompt establishes that the workflow is operating in a sensitive area: individual employee
performance patterns. The framing matters because the model's outputs will inform a conversation between
Michael and one of his reps. The discipline of framing outputs as observations, not verdicts, is what
separates a productive coaching tool from a punishment tool.

Tutorial Step 3: Provide the stage definitions
Open stage_definitions.md. Copy contents. Paste with this prompt.

Here are our pipeline stage definitions. Please read carefully and confirm you

understand:

1. The 5 stages and their gating criteria

2. The historical conversion rates by stage

3. The days-in-stage guidance (especially the 30-day threshold for Stage 5)

4. The note about the Q3 2025 forecast miss

[Paste contents of stage_definitions.md here]

Why this matters:

You load the stage definitions before any pipeline data because the definitions establish the framework the
analysis uses. The gating criteria for each stage, the conversion rates, and the days-in-stage guidance are
the references the workflow uses to identify anomalies in the actual pipeline. Loading definitions first is the
same discipline that loading the prior commentary first served in Part 6.

Expected response: the model confirms understanding of the five stages with their gating criteria, the

conversion rates (12%, 28%, 45%, 68%, 78% for Stages 1 through 5), the days-in-stage guidance including

the 30-day Stage 5 review threshold, and the note about the Q3 2025 miss being traced to staging discipline

erosion.

Tutorial Step 4: Provide the rep roster
Open rep_roster.csv. Copy contents. Paste with this prompt.

Here is the sales rep roster. Three account executives. Please confirm receipt

and note:

1. The three reps, their roles, and their quotas
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2. The combined quarterly quota for the team

3. Any notes about tenure that may be relevant for interpreting their performance

patterns

[Paste contents of rep_roster.csv here]

Why this matters:

You give the model the human context for the data it is about to analyze. Knowing the roles, tenure, and
quota structure helps the model interpret patterns appropriately. A pattern in a tenured Enterprise AE's data
is different from a pattern in a recently hired AE's data.

Expected response: the model summarizes Marco (Enterprise AE, twenty-eight months tenure, $600K

quota), Diego (Senior AE, thirty-six months tenure, $450K quota), Hannah (AE, twenty-four months tenure,

$300K quota). Combined quarterly quota: $1.35M to $1.5M depending on quarter.

Tutorial Step 5: Provide the historical closed opportunities
Open historical_closed_opportunities.csv. This is the key file for the rep-level analysis. Copy contents. Paste

with this prompt.

Here are the closed opportunities for the trailing 4 quarters. Each row has the

opportunity, ACV, outcome (Won, Lost, or Slipped), the owner, the close date, and

other details.

Please analyze and report:

1. Total deals closed in the period, broken down by outcome (Won, Lost, Slipped)

2. For each rep individually, the breakdown of outcomes (Won, Lost, Slipped) and

the slip-or-lose rate (Lost + Slipped divided by total)

3. Specifically identify which rep has the highest slip-or-lose rate and by how

much it exceeds the others

4. Do not yet interpret the pattern; we will do that in the next step

[Paste contents of historical_closed_opportunities.csv here]

Why this matters:

You ask the model to produce the rep-level breakdown but not interpret it yet. This is the same separation of
facts from interpretation you learned in Part 6. The interpretation requires context the model does not yet
have: the current pipeline. By keeping the facts and the interpretation in separate steps, you produce more
defensible analysis.

Expected response: the model identifies approximately 26 Won, 11 Lost, and 14 Slipped deals across the

period. By rep: Hannah roughly 18 Won, 3 Lost, 2 Slipped (slip-or-lose rate around 22%); Diego roughly 14

Won, 4 Lost, 3 Slipped (slip-or-lose around 33%); Marco roughly 10 Won, 4 Lost, 9 Slipped (slip-or-lose

around 56%). Marco's slip-or-lose rate is roughly twenty to thirty points higher than his peers.
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Tutorial Step 6: Provide the current pipeline
Open current_pipeline.csv. Copy contents. Paste with this prompt.

Here is the current active pipeline as of May 27, 2026. Fifty opportunities

across the 5 stages.

Please report:

1. Total pipeline ACV

2. Breakdown of pipeline by stage (count and total ACV in each stage)

3. Breakdown of pipeline by owner (count and total ACV per rep)

4. For Stage 5 specifically: list each deal with its owner, ACV, and days in

current stage

5. Identify any Stage 5 deals that exceed the 30-day threshold from the stage

definitions

[Paste contents of current_pipeline.csv here]

Why this matters:

You now have both halves of the analysis loaded: the historical pattern and the current pipeline. Step 6
produces the structured view of the current pipeline that the workflow will use to connect the historical
pattern to current risk. Notice the specific question about Stage 5 thirty-day exceedances. This is the question
the prior CRO never asked, and the absence of the question was part of the Q3 2025 miss.

Expected response: total pipeline approximately $4.25M. By stage: Stage 5 around $815K, Stage 4

around $1.0M, Stage 3 around $850K, Stage 2 around $660K, Stage 1 around $920K. By owner: Marco the

largest book at roughly $2M+, Diego around $1M, Hannah around $700K. Stage 5 thirty-day exceedances:

four deals, all owned by Marco, totaling approximately $450K.

Tutorial Step 7: Run the rep-level pattern analysis
Now the analytical interpretation. Type this prompt.

Now I want you to synthesize the historical pattern with the current pipeline

view.

Specifically:

1. For each rep, characterize their historical pattern in one paragraph: what

their slip-or-lose rate says about them, how their pattern differs from peers,

and what this means for how their current pipeline should be read

2. Identify the rep whose current pipeline exposure is most affected by their

historical pattern

3. For that rep specifically, identify which of their current deals are most at

risk based on the combination of stage, days in stage, and the rep's historical

pattern

4. Be specific. Reference opportunity IDs and amounts. Frame the output as

observations for the CRO's review, not as judgments about the rep.

Why this matters:
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This is the most consequential question in the workflow. The model is synthesizing two halves of the data into
a structured observation about one rep. Notice the explicit instruction to frame as observations rather than
judgments. The framing shapes the language the model uses, which shapes how Michael O'Brien can use the
output in his coaching conversation with Marco.

Expected response: a paragraph for each rep, but with Marco's paragraph carrying the consequential

observation. The model should identify Marco as the rep most affected by historical pattern and should

specifically flag OPP-1039 (Indigo Manufacturing, sixty-two days in Stage Five, $198K), OPP-1006

(Driftwood, fifty-two days, $48K), OPP-1002 (Westmoreland, forty-five days, $142K), and OPP-1041

(Kayak, thirty-five days, $62K) as the at-risk Stage Five deals.

A note on language

Read the model's output for Marco carefully. It should frame the pattern as "consistent with" or

"suggests" or "warrants review" rather than "indicates" or "proves." The softer language is appropriate

because a workflow output is an input to a management conversation, not a conclusion. If the model

uses harder language, ask it to soften it.

Tutorial Step 8: Add coverage and recurrence context
Open pipeline_metrics_history.csv. Copy contents. Paste with this prompt.

Here is the pipeline coverage history for the trailing 5 quarters. The current Q2

2026 quarter shows coverage of 2.83x, the highest in the 5 quarters.

Please:

1. Confirm the coverage figures for each quarter

2. Note the Q3 2025 quarter specifically: what was the coverage going in, and

what was the attainment outcome?

3. The Q3 2025 stage 5 pipeline included Wexford Insurance at approximately $1.2M

(the deal that slipped). Looking at our current Q2 2026 pipeline, is the

structural risk pattern similar or different? Be specific about the comparison.

4. Express the recurrence risk as a clear sentence

[Paste contents of pipeline_metrics_history.csv here]

Why this matters:

Coverage ratios look healthy in the abstract, but they are only as healthy as the deals composing them. Q3
2025 had 2.19x coverage, the highest at that point in the history. The miss happened anyway because the
composition of the coverage was unhealthy. The current Q2 2026 has even higher coverage at 2.83x. The
question the workflow is asking is whether the composition is healthy this time, or whether the same pattern
is recurring.

Expected response: the model identifies Q3 2025 as having had 2.19x coverage but seventy percent

attainment, and explicitly connects that to the Wexford slip. For the current Q2 2026 with 2.83x coverage, the

model identifies that approximately $450K of Stage Five exposure is in deals owned by Marco that have aged
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beyond the thirty-day threshold, and flags this as a recurrence pattern that warrants attention.

Tutorial Step 9: Produce the probability-weighted forecast
Type the following prompt.

Now I want you to produce a probability-weighted forecast for Q2 2026 bookings,

using two methods:

Method 1 (Unadjusted): Apply the standard stage probabilities from the stage

definitions document to each opportunity. Sum to total expected Q2 2026

bookings.

Method 2 (Rep-adjusted): For each rep individually, calculate their actual

historical close rate on Stage 5 deals (number of Stage 5 deals they won divided

by total Stage 5 deals in their history). Use that rep-specific rate for their

current Stage 5 deals. For Stages 1-4, continue using the standard stage

probabilities.

Show both forecasts. Show the difference between them. Identify which rep

contributes most to the difference.

Why this matters:

This is the most directly finance-relevant step. The unadjusted forecast is what the standard pipeline report
produces. The rep-adjusted forecast acknowledges that the standard probabilities are averages, and that
individual reps have meaningfully different conversion rates. By showing both numbers, the workflow gives
John Campbell a more honest range for the forecast that feeds the revenue forecast that feeds the board
commentary.

Expected response: the unadjusted forecast should come in around $1.4M to $1.5M for Q2 2026 based on

the stage probabilities applied to the current pipeline. The rep-adjusted forecast should come in meaningfully

lower (perhaps $1.1M to $1.2M) because Marco's Stage Five close rate is roughly half the standard. The

difference is the at-risk forecast amount that warrants attention.

Tutorial Step 10: Produce a synthesis for the CRO
Type the following prompt.

Now produce a brief, structured synthesis for Michael O'Brien (CRO) and me (CFO).

The synthesis is what we will use as the basis for our weekly pipeline review

meeting on Monday.

The synthesis should have five sections:

1. Headline: one sentence on the state of the Q2 2026 pipeline

2. Coverage analysis: 2-3 sentences on the current coverage versus history, with

the composition concern

3. Rep-level observations: one paragraph per rep, ending with the specific

observation about Marco
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4. Specific deals warranting review: a structured list of the at-risk deals with

deal name, owner, amount, and reason for flagging

5. Forecast view: the unadjusted and rep-adjusted forecast numbers with a

one-sentence interpretation

Keep the language measured. Frame Marco's pattern as observation, not verdict.

The output will be the agenda for a coaching conversation, not the conclusion of

one.

Why this matters:

Synthesis is where the workflow earns its keep. The five separate analyses you have run are useful in
isolation, but the work product Michael and you will actually consume is a synthesis. Notice the explicit
format requirements: five sections, specific length per section, measured language. The precision of the
requirements is what produces a synthesis close to publishable rather than a synthesis that needs heavy
editing.

Expected response: a structured five-section synthesis. Read it carefully. Edit any language that feels too

sharp. The output is the agenda for your Monday meeting with Michael. The substance should be there. The

tone is yours to refine.

Tutorial Step 11: Save and document
Save the conversation. Give it a clear title like "Helix Q2 2026 Pipeline Intelligence Review." Write a brief

note for the workflow registry covering the date, the data files used, the prompts that produced the most

useful outputs, and any places where the model required iteration.

The Pipeline Intelligence workflow is run weekly during the quarter, not monthly like the Finance

Operations Copilot. The data changes weekly. The patterns evolve weekly. A workflow that runs only at

quarter end is too late to act on what it finds.

Why this matters:

The weekly cadence is the principal operational difference between this workflow and the workflows in Parts
5 and 6. The finance close happens monthly. Pipeline reviews happen weekly. The workflow you have just
built fits into the existing weekly cadence rather than imposing a new one. Workflows that fit existing
rhythms get adopted. Workflows that require new rhythms get abandoned.

What you have just done

You have built the third AI workflow of the masterclass. Together with the workflows in Parts 5 and 6, you

now have three production-capable workflows. Two operate inside finance (Parts 5 and 6). One operates

inside sales operations (Part 7) but feeds finance.
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The pattern across all three workflows is the same in its architecture: role setup, data loading with

verification, specific analytical questions, synthesis, documentation. The differences are in the analytical lens.

Part 5 was about transaction-level anomaly detection. Part 6 was about synthesis-level editorial work. Part 7

is about behavior-pattern detection across people and time.

The cumulative effect is that the reader, having built three workflows, has internalized the executive skill

of designing AI work for finance. The remaining two use cases in Parts 8 and 9 will reinforce the pattern with

two more applications: forecasting (Part 8) and infrastructure and vendor intelligence (Part 9).

The patterns you cannot see are the patterns that produce the surprises. The

workflow surfaces them so the surprises become smaller.
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Section 5 · From Tutorial to Production

The tutorial version is the right place to start. The production version of this workflow has specific

engineering and governance requirements that warrant explicit discussion.

What changes in production

1. The data flows automatically from Salesforce

In the tutorial, you copied pipeline data from CSV files. In production, the workflow pulls live data from

Salesforce via the Model Context Protocol. The pipeline you analyze is always current, not a frozen snapshot.

2. The workflow runs weekly

In the tutorial, you ran the workflow once. In production, the workflow runs every Monday morning before

the weekly pipeline review meeting. The outputs are in Michael and Lisa's review queue by mid-morning.

3. The audit trail captures more sensitive data

The workflow analyzes individual employee performance patterns. The audit trail therefore has additional

access controls beyond the standard thirteen-field set. Read access is limited to the CRO, the CFO, the

CHRO, the General Counsel, and the Head of Security. The HR system access is logged separately.

4. The outputs flow into the pipeline review process

In the tutorial, the synthesis is prose in the chat. In production, the synthesis is a structured document

delivered to Michael's review queue, plus a structured forecast number that feeds the revenue forecast in the

planning system.

Engineering work to get from tutorial to production

Approximately seven to nine engineering weeks for the initial production version.

Two weeks for the Salesforce MCP integration. The integration is simpler than the NetSuite integration

in the Finance Operations Copilot because the Salesforce data model is well documented. Two weeks for the

workflow orchestration including the weekly cadence. One week for the rep-adjusted forecast calculation

logic, which is more complex than the simple stage-based forecast. One week for the additional governance

integration around the HR-sensitive audit trail. One to three weeks for testing, calibration, and iteration

through at least one full forecast cycle.
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Particular care for the rep-level analysis

The Pipeline Intelligence workflow produces rep-level observations that are sensitive in ways the other

workflows are not. Karen Lindqvist (CHRO) reviewed and approved the workflow design specifically

because of this sensitivity.

Three principles govern the use of the workflow's rep-level output. First, the output is an input to a

management conversation, never a conclusion. Michael uses the output to ask better questions, not to deliver

verdicts. Second, the output is not shared with the affected rep verbatim. Michael frames the observations in

his own words during coaching conversations. Third, the output is not used as evidence in any formal

performance review process. Performance reviews use the company's standard performance management

system, which is independent of this workflow.

A specific commitment

When the workflow surfaces a pattern about a specific rep, the rep is informed within thirty days that the

pattern is being addressed through coaching. The rep is told what the pattern is, in general terms. The

rep is not shown the workflow output. The rep is given the opportunity to provide context that the data

does not capture. This is the protocol Karen and Michael agreed to when the workflow was approved.
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Section 6 · Expected Outputs and Success Criteria

Expected outputs

Every week, the workflow produces four artifacts.

Pipeline health summary

A one-page summary of the current pipeline state, broken down by stage and by owner, with coverage ratio

against the current quarter's quota.

Rep-level observations

One paragraph per rep describing the historical pattern and how it should inform the reading of their current

pipeline. Framed as observations, not verdicts.

At-risk deal list

A structured list of specific opportunities flagged for sales operations review, with reason for flagging.

Probability-weighted forecast

Two forecast numbers (unadjusted and rep-adjusted) with the difference identified and the principal driver of

the difference named.

Success criteria

Metric Baseline Target (12 months)

Slip-or-lose rate (worst rep) 56% Below 35%

Quarterly attainment variance 70-99% range 90-105% range

Stage 5 deals beyond 30 days 4 (all one rep) Below 2 quarterly

Forecast accuracy (within 5%) 2 of 4 prior quarters 3 of 4 next quarters

Coaching conversations from workflow Zero 1-2 per rep per quarter

What is being measured, and why

The slip-or-lose rate is the operational measure that the workflow most directly affects. A decline in the worst

rep's slip-or-lose rate is evidence that coaching informed by the workflow is working.
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Quarterly attainment variance is the externally visible measure. The 70-99% range over the trailing four

quarters reflects the unreliability that has concerned the board. A tighter range, centered closer to plan, is

what the workflow contributes to.

Stage 5 deals beyond 30 days is the leading indicator. The metric declines when staging discipline

improves, ahead of any change in attainment outcomes.

Forecast accuracy is the finance-side measure. The revenue forecast that flows from the rep-adjusted

view should be closer to actual than the unadjusted view has historically been.

Coaching conversations is the operational measure. The workflow is intended to generate informed

conversations between Michael and his reps. A target of one to two conversations per rep per quarter reflects

that the workflow has become embedded in the sales operations rhythm.
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End of Part 7
Pipeline Intelligence System

You have built the third AI workflow of the masterclass. The workflow extends the discipline you developed

in Parts 5 and 6 into a new functional area and a new analytical lens. The same governance framework that

protects the Finance Operations Copilot and the Board Reporting workflow protects this one. The same

eight-step methodology produced its design.

In Part 8, the masterclass turns to the fourth use case: the AI-Augmented Forecasting Engine. This

workflow is the most consequential of the five because its outputs feed directly into the revenue forecast, the

operating plan, the board commentary, and ultimately the Series C diligence materials. The workflow draws

on outputs from the workflows in Parts 5, 6, and 7. The sequencing matters: Part 8 is feasible because the

earlier workflows produced clean inputs.

Before proceeding, take the assessment that follows.
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Appendix A · Assessment

Twenty questions on Part 7. Twelve multiple choice, five short answer, three scenario-based.

Part I: Multiple Choice

1. The Pipeline Intelligence System is sequenced third because:

(a)    It produces the most quantifiable outcomes.

(b)    It extends governance discipline into a new functional area at a stage when the team is ready for it.

(c)    The CRO requested it as the first deployment.

(d)    It is the easiest workflow to build.

2. The principal operational owner of the workflow is:

(a)    John Campbell (CFO).

(b)    Michael O'Brien (CRO).

(c)    Sarah Chen (CEO).

(d)    Elena Vargas (Senior FP&A; Manager).

3. The Q3 2025 forecast miss was driven primarily by:

(a)    Macroeconomic conditions affecting all reps equally.

(b)    A single Stage 5 enterprise deal at Wexford Insurance that slipped.

(c)    A pricing change that confused customers.

(d)    Underperformance of the customer success function.

4. The rep whose historical slip-or-lose rate is meaningfully higher than peers is:

(a)    Hannah Foster.

(b)    Diego Martinez.

(c)    Marco Russo.

(d)    There is no meaningful difference among reps.

5. The 30-day threshold in the stage definitions document applies to:

(a)    Stage 1 (Discovery).

(b)    Stage 3 (Proposal).

(c)    Stage 5 (Verbal Yes/Closing).

(d)    All stages equally.
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6. The current pipeline (as of May 27, 2026) contains how many Stage 5 deals beyond the 30-day
threshold?

(a)    Zero.

(b)    Two.

(c)    Four.

(d)    Twelve.

7. All Stage 5 deals beyond the 30-day threshold are owned by:

(a)    Hannah Foster.

(b)    Diego Martinez.

(c)    Marco Russo.

(d)    They are distributed across all three reps.

8. The Q2 2026 pipeline coverage ratio of 2.83x is:

(a)    The lowest of the trailing 5 quarters.

(b)    The highest of the trailing 5 quarters.

(c)    Below the historical median.

(d)    Identical to Q3 2025.

9. The rep-adjusted forecast differs from the unadjusted forecast principally because:

(a)    One rep has a meaningfully lower historical Stage 5 close rate than the standard probability.

(b)    The unadjusted forecast uses outdated stage probabilities.

(c)    The rep-adjusted forecast adds new pipeline.

(d)    There is no meaningful difference between the two methods.

10. The workflow runs at what cadence in production?

(a)    Annual, before the budget cycle.

(b)    Quarterly, before the board meeting.

(c)    Monthly, during close week.

(d)    Weekly, before the pipeline review meeting.

11. The rep-level output of the workflow should be framed as:

(a)    A performance verdict.

(b)    A definitive ranking of rep effectiveness.

(c)    An observation input to a coaching conversation, not a verdict.

(d)    A recommendation for termination.
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12. Karen Lindqvist (CHRO) reviewed and approved the workflow specifically because:

(a)    The CRO requested HR involvement.

(b)    The workflow analyzes individual employee performance patterns.

(c)    CHRO approval is required for all AI workflows.

(d)    The CHRO will operate the workflow personally.

Part II: Short Answer

13. The tutorial loads the stage definitions document before any pipeline data. In two or three sentences,

explain why this order matters for the analysis the workflow will produce.

14. The workflow produces an unadjusted forecast (using standard stage probabilities) and a rep-adjusted

forecast (using rep-specific historical conversion rates). In two or three sentences, explain why showing both

numbers is more valuable than showing only the rep-adjusted forecast.

15. The Q3 2025 miss occurred at a pipeline coverage of 2.19x. The current Q2 2026 has coverage of 2.83x.

In two or three sentences, explain why higher coverage does not by itself reduce the risk of another forecast

miss.

16. The Pipeline Intelligence workflow analyzes individual rep performance patterns. In two or three

sentences, explain why this workflow required CHRO review and approval when the workflows in Parts 5

and 6 did not.

17. The workflow runs weekly in production rather than monthly. In two or three sentences, explain why the

weekly cadence matters for the workflow's value.

Part III: Scenario-Based

18. Scenario: Three months after deploying the workflow, the worst-performing rep's slip-or-lose rate has

declined from 56% to 42%. Michael O'Brien is encouraged. The other two reps' slip-or-lose rates have also

moved: one improved from 22% to 18%, the other deteriorated from 33% to 39%. In one paragraph of

executive prose, describe how you would interpret this multi-rep movement, what next step you would

recommend to Michael, and what the workflow does and does not tell you about cause and effect.

19. Scenario: Karen Lindqvist (CHRO) tells you that one of the reps whose pattern was flagged by the

workflow has resigned, citing concerns about being "watched by an algorithm" in their exit conversation. The

resignation was unrelated to performance from the company's perspective, but the rep cited it. In one

paragraph, describe how you would respond, what you would communicate to the broader sales team about
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the workflow, and what governance change (if any) you would consider.

20. Scenario: The Series C lead investor, in early diligence conversations, asks for a sample of the workflow's

output covering the trailing two quarters. They specifically want to see how the workflow performs against

actual outcomes (forecast accuracy) and what it surfaced that the prior process had not. In one paragraph,

describe what you would provide, what you would withhold, and how you would frame the disclosure.
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Appendix B · Answer Key with Explanations

Multiple Choice Answers

Question 1:   (b)

The workflow is sequenced third because the team has built governance capacity through the first two

deployments. Extending into a new functional area at this stage requires the discipline already established.

Question 2:   (b)

Michael O'Brien (CRO) is the operational owner with Lisa Mahoney (Sales Operations Manager). The finance

function is a stakeholder because the workflow output feeds revenue forecasting.

Question 3:   (b)

The Q3 2025 miss was driven by Wexford Insurance, a $1.2M Stage 5 deal that slipped. The pattern of one rep

having multiple Stage 5 slips made the single-deal slip a symptom of a broader discipline issue.

Question 4:   (c)

Marco Russo has approximately a 56% slip-or-lose rate, compared to 22% for Hannah Foster and 33% for

Diego Martinez. The pattern is consistent across multiple quarters.

Question 5:   (c)

The 30-day threshold applies specifically to Stage 5 (Verbal Yes/Closing). Stage 5 deals beyond 30 days

warrant review because the gating criteria expect commitment with imminent close.

Question 6:   (c)

Four deals: OPP-1039 Indigo Manufacturing (62 days), OPP-1006 Driftwood Hospitality (52 days), OPP-1002

Westmoreland Capital (45 days), OPP-1041 Kayak Logistics (35 days).

Question 7:   (c)

All four are owned by Marco Russo. The pattern reinforces the rep-level finding from the historical analysis.

Question 8:   (b)

Q2 2026 coverage of 2.83x is the highest of the trailing 5 quarters. The prior 4 quarters ranged from 2.11x to

2.31x.

Question 9:   (a)

Marco's historical Stage 5 close rate is approximately half the standard 78% benchmark. Applying his actual

rate to his current Stage 5 pipeline produces a meaningfully lower forecast.

Question 10:   (d)

The workflow runs weekly before the pipeline review meeting. Pipeline changes weekly; running monthly

would surface patterns too late to act on them.
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Question 11:   (c)

The output is an input to a coaching conversation between Michael and the rep, framed as observations the

manager uses to ask better questions, not as a conclusion.

Question 12:   (b)

CHRO review was required because the workflow analyzes individual employee performance patterns. The

workflows in Parts 5 and 6 analyze financial data; this one analyzes people.

Short Answer Explanations

13. Stage definitions before pipeline data

The stage definitions establish the framework the analysis uses. The gating criteria, the conversion rates, and

the days-in-stage thresholds are the references against which the pipeline data is interpreted. Loading the

framework first means the model knows what to compare the data against before it sees the data. Loading the

data first would produce analysis without a reference frame, which would either rediscover the framework less

precisely or produce findings that miss the point.

14. Why showing both forecasts is more valuable

The unadjusted forecast represents the company's standard methodology that the board and the planning system

are familiar with. The rep-adjusted forecast represents the more accurate view given known rep-level patterns.

Showing both surfaces the difference between them, which is the at-risk forecast amount. Showing only the

rep-adjusted forecast would deliver the more accurate number but would lose the ability to communicate what

changed from the standard methodology and why.

15. Higher coverage does not reduce risk

Coverage ratio is a measure of pipeline volume relative to quota, but it does not capture composition quality. A

pipeline with high coverage but heavy exposure to Stage 5 deals that have aged beyond healthy windows is

more at risk than its coverage ratio suggests. The Q3 2025 miss happened at coverage of 2.19x, which was the

highest at that point in time. The current Q2 2026 has higher coverage but similar composition risk. Coverage

tells you how much pipeline you have; it does not tell you whether the pipeline is real.

16. Why CHRO review was required

The Pipeline Intelligence workflow produces outputs about individual employee performance patterns, which is

fundamentally different from analyzing transaction data or composing board narratives. The CHRO has subject

matter authority on how performance information is used, what controls protect employee rights, and what

protocols govern conversations about observed patterns. Without CHRO involvement, the workflow could

surface patterns in ways that violate employment protections or create legal exposure. The CHRO review

ensured the output framing, the access controls, and the manager protocol all met company employment

standards.
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17. Why weekly cadence matters

The pipeline changes weekly. Stage transitions, new opportunities, and deal slips all happen in the days

between weekly pipeline reviews. A workflow that runs only monthly would surface patterns one to three

weeks after they could have been acted on. The weekly cadence fits the existing rhythm of the sales operations

function; the workflow becomes part of an already-existing meeting rather than imposing a new one.

Workflows that fit existing rhythms get adopted; workflows that require new rhythms get abandoned.

Scenario Discussions

18. Multi-rep movement after deployment

The aggregate movement is encouraging but mixed: the worst rep improved meaningfully, one peer rep

improved modestly, one peer rep deteriorated. The interpretation requires care. The workflow does not

establish cause and effect; it surfaces patterns. The improvement in the worst rep's rate is consistent with

effective coaching, but other explanations are possible: a favorable quarter, a smaller deal mix, or even the

workflow itself causing the rep to over-conservatively stage deals. The deterioration in one peer rep is the item

that warrants immediate attention. The workflow should run an analysis of that rep specifically, looking for the

same pattern that triggered Marco's coaching, or for a different pattern that might be emerging. The

recommended next step to Michael is twofold. First, continue the coaching cadence with Marco but document

specifically what the coaching has covered and how the rep has responded. Second, run a targeted workflow

analysis on the rep whose rate deteriorated, with the same governance discipline applied to the original

analysis. The deeper principle is that the workflow is a continuous instrument, not a one-time intervention. The

patterns it surfaces evolve, and the response should evolve with them.

19. Rep resignation citing algorithm concerns

The first response is empathetic and respectful: take the concern seriously, acknowledge it, and do not get

defensive. The second response is operational. Communicate to the broader sales team, ideally through

Michael, that the workflow exists, what it does and does not do, and what the protocols are. The team should

hear: the workflow analyzes aggregate behavior patterns to inform coaching, the output is reviewed by

managers before any conversation with reps, individual reps are informed of patterns within thirty days and

given the opportunity to provide context, the output is not used in formal performance reviews, and the

workflow is governed under the company's AI governance framework with CHRO oversight. The

communication is not a defense of the workflow; it is a transparency about what it is. The third response is to

consider a governance change. Specifically, consider whether the protocol should be modified so that every rep

is informed of the workflow's existence and its purpose at hire (or now, for current reps), rather than only being

informed when a pattern is surfaced about them specifically. This shifts the dynamic from "I was watched" to "I

knew I was working with a tool that observes patterns." The change has costs (some reps may behave

differently if they know) and benefits (transparency builds trust). Karen, Michael, and you should discuss and

decide. The deeper principle is that any AI workflow that touches employee behavior requires ongoing

communication, not just initial governance review. The communication is the governance in action.
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20. Series C investor request

Provide a thoughtful, complete response that demonstrates the discipline of the program without creating undue

exposure. Specifically, provide three things. First, a sample workflow output covering the trailing two quarters,

with personally identifying information removed (rep names redacted to "Rep A, Rep B, Rep C") but with the

substantive analysis intact. Second, a forecast accuracy analysis showing the unadjusted forecast, the

rep-adjusted forecast, and the actual outcome for each of the trailing two quarters. The analysis demonstrates

that the rep-adjusted forecast has been closer to actual than the unadjusted forecast in both quarters. Third, a

brief governance document describing the framework under which the workflow operates, the review pattern,

the CHRO involvement, and the protocols protecting individual rep information. The framing of the disclosure

is that the workflow is one of several AI workflows operating under the company's AI governance framework,

and that the investor is welcome to review the full framework. The framing emphasizes governance discipline

rather than analytical sophistication. What to withhold: specific rep names, the actual workflow outputs that

name individuals, and any information that would allow the investor to identify or reconstruct individual rep

performance. The principle is that the investor is buying a company with discipline, not a database of individual

employee performance. The disclosure is positioned as evidence of discipline, which is what a sophisticated

investor wants to see at the Series C stage.


