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A Note Before Part 5

Parts 1 through 4 established the foundation. The reader now understands how AI models work, has watched

John Campbell conduct discovery, has read the architectural memo, and has internalized the governance

framework. The masterclass turns now to the actual building.

Part 5 is the first of the five use case parts. Each use case part follows the same structure. It opens with

the business problem, applies the eight-step methodology from Section 7 of Part 4, walks through the data,

and then provides a comprehensive step-by-step tutorial that you can follow with the actual data files in

Claude or ChatGPT. The use case closes with a discussion of what changes when the tutorial version

becomes a production deployment, and a twenty-question assessment.

A note on the data. Accompanying this PDF is a download package titled Use_Case_1_Data.zip. The

package contains all of the data files this tutorial references. The files are deliberately small. They are sized to

fit comfortably into a single Claude or ChatGPT conversation so that you can paste them in directly, watch

the model analyze them, and see exactly which transactions the model is referencing when it produces

findings. This is a learning lab, not a production simulation. The workflow you will build is real. The data is

fictional. The patterns the model will detect are deliberately placed for you to discover.

A note on tone. This part is written at a deliberately patient and simple level, with the goal that a

thoughtful eighth-grader could follow it. The audience is a CFO. The discipline of explaining at this level

serves two purposes. For the reader who is new to working with AI through chat interfaces, the patient

explanation builds confidence. For the reader who is already familiar with the tools, the simplicity is

refreshing because the substance of what is being taught (the workflow design) is what matters, not the

mechanics. Every instruction is paired with a brief explanation of why the step matters. The why is where the

learning lives.

The mechanics of using Claude or ChatGPT are simple. The discipline of designing

what to ask them is the executive skill. This part teaches both, but the latter is what

you are paying for.

Hindol Datta
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Section 1 · The Business Problem

Helix Cloud Systems closes its books in six business days. David Kim, the Controller, and Elena Vargas, the

Senior FP&A; Manager, do the bulk of the work. Both are competent. Both are working close to the

sustainable ceiling of their capacity. Both have flagged the same underlying pain to John Campbell in his first

thirty days of discovery.

What John heard in the discovery conversations

Day three of the close is the longest day. Marketing accruals alone consume half a day because the spend is

fragmented across many vendors with irregular invoicing. Vendor accruals consume another two hours.

Roughly two to four hundred ambiguous transactions per month consume a full additional day of David's

time on review and recategorization.

Elena has been quietly using ChatGPT on her personal subscription to draft the variance commentary that

goes into the close package. She has been careful about what she pastes in, but the boundary is not fully clear,

and the practice was never sanctioned. She has wanted a proper arrangement for a year.

David has flagged a different concern: he is afraid of what he is not catching. Ambiguous transactions get

categorized under time pressure. Errors in categorization flow into the wrong P&L; bucket and either mislead

management or generate audit questions later.

The cost of the current state

The visible cost is time. Approximately one full day of David's time per month spent on transaction review,

plus the four hours of Elena's variance commentary drafting, plus the additional time spent on marketing

accruals and vendor accruals. Across the year, this is roughly thirty days of senior finance leadership time

consumed by work that, in much of its volume, does not require senior judgment.

The less visible cost is risk. Categorization errors that escape David's review can persist for months

before being detected. The patterns of systematic miscoding, if they exist, are invisible to human review

because they only become apparent when transactions are aggregated by preparer. Vendor duplicates

accumulate quietly. Spend anomalies in particular categories may not be noticed until the next quarterly

review.

Both costs compound as the company grows. At twenty-two million dollars in annual recurring revenue

with one hundred forty-two employees, the finance function is operating within tolerance. At forty million,

with the headcount additions Karen Lindqvist has planned, the same tolerances are no longer feasible without

changes to how the work is done.
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What we will build

The Finance Operations Copilot is a workflow that takes the routine analytical and categorization work off

the senior finance team's plate, escalates the genuinely ambiguous cases for human review, and surfaces

patterns that human review alone would not catch. The copilot does not replace David or Elena. It compresses

the time they spend on routine work so that more of their time is available for the work where their judgment

is essential.

In its tutorial version, which you will build in Section 4, the copilot is a structured conversation with

Claude or ChatGPT, anchored in the actual transaction data, the chart of accounts, the policy documents, and

the vendor master. The copilot answers specific questions you ask it. In its production version, which we

discuss in Section 5, the copilot becomes a workflow that runs on a schedule, connects to NetSuite directly

through the Model Context Protocol, and produces structured outputs to a workflow registry. Both versions

rely on the same underlying logic. The tutorial teaches the logic. Production engineering teaches the

integration.

What the copilot is and is not

The copilot is a structured way of using AI to do specific analytical and categorization work in finance,

with human review of every consequential output. It is not an autonomous agent. It does not post entries

to the books on its own. It does not replace any human in the finance function. It compresses the time

finance professionals spend on routine work and makes patterns visible that human review alone would

miss.
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Section 2 · The Eight-Step Methodology Applied

Part 4 of this masterclass established an eight-step methodology that every AI workflow must complete

before deployment. This section walks through the methodology as applied to the Finance Operations

Copilot. Each subsequent use case in Parts 6 through 9 will repeat this exercise. Over time, the reader

internalizes the methodology by watching it operate five different times in five different contexts.

Step One: Articulate the business problem

The business problem is Section 1 of this part. In one sentence: "The Helix finance team spends roughly

thirty days per year on routine transaction review and categorization, and the work consumes capacity that is

needed for higher-judgment work as the company scales."

The function that owns this problem is finance, specifically David Kim and Elena Vargas. Both have

explicitly articulated the pain. Both have requested help. The CFO has confirmed the workflow as the first

deployment in the eighteen-month plan.

Step Two: Specify the output

The copilot will produce, on request, three categories of output.

First, transaction analysis output. Given a set of general ledger transactions, the copilot produces a

summary of trends, anomalies, and items that warrant review. Format: short prose summary followed by a

structured list of items, with each item identifying the specific transactions involved and the reason for

flagging.

Second, categorization recommendation output. Given a set of ambiguous transactions, the copilot

produces a recommended account classification for each, with reasoning grounded in the chart of accounts

and the policy documents. Format: a table with one row per transaction, columns for the recommendation and

the confidence level, and a separate list of transactions where confidence is too low to recommend without

human input.

Third, pattern detection output. Given a multi-month view of transactions, the copilot identifies

systematic patterns: vendor duplicates, account anomalies, preparer outliers. Format: numbered list of

findings, each with supporting evidence and a recommended action.
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Step Three: Classify risk

The copilot is classified Tier Three under the framework. Its outputs influence financial reporting because

categorization decisions affect the P&L.; The outputs do not directly enter the financial records without

human review, which keeps the copilot below Tier Four.

Tier Three governance applies: complete audit trail, named human reviewer with finance team authority,

monthly quality monitoring, CFO approval before deployment, audit committee notification, and review at

every audit committee meeting.

Step Four: Map data flow

The copilot reads, in production, the following data sources.

Input Source System Classification

General Ledger transactions NetSuite via MCP Confidential

Chart of Accounts NetSuite via MCP Internal

Vendor Master NetSuite via MCP Confidential

AR Aging snapshot NetSuite via MCP Confidential

AP Aging snapshot NetSuite via MCP Confidential

Customer Master Salesforce via MCP Confidential

Employee Roster Rippling via API Restricted

Policy Documents Internal docs repository Internal

The copilot does not send any of this data to public AI providers in a way that would result in training on

the data. The enterprise API agreements with Anthropic and OpenAI specifically prohibit such training. The

audit trail captures every interaction.

Step Five: Design the human review pattern

The copilot uses the Review-before-output pattern from Section 3 of Part 4. Every analytical output and every

categorization recommendation is reviewed by a named human before the output is used. For Tier Three

workflows like this one, the reviewer must have finance team authority.

Named reviewers: David Kim (primary), Elena Vargas (backup). Review activities: verification (does the

output accurately reflect the underlying data) and judgment (is the recommended action appropriate).

Escalation: anything the reviewer cannot resolve at the checkpoint escalates to the CFO within twenty-four
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hours.

Step Six: Specify the audit trail

Every copilot invocation produces an audit trail record containing the thirteen minimum fields specified in

Part 4: invocation ID, workflow name and version, initiating user, timestamps, inputs, model and version,

prompt, raw output, human reviewer, reviewed output, approval timestamp, downstream actions, and error

events.

Retention: seven years, aligned with our financial records retention policy. Storage: dedicated audit trail

system separate from the operational AI environment. Access: read access to the workflow owner, the CFO,

the General Counsel, the Head of Security, and the external auditor on request.

Step Seven: Define the substitution path

Primary model: Claude (Anthropic, current generation). Alternative model: GPT (OpenAI, current

generation). The workflow is designed such that the underlying model can be swapped with a documented

rework budget of approximately two engineering weeks. The substitution path is tested annually as required

by the framework.

Step Eight: Approval and registration

The complete design package, including all artifacts from steps one through seven, has been submitted to the

Governance Working Group consisting of John Campbell, Naomi Bridges, and Wei Zhao. Approval was

obtained on the third day of week six of John's tenure. The workflow is registered in the workflow registry as

WFR-001 with version 1.0.

With the methodology complete, we proceed to the tutorial.
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Section 3 · The Data Package Walk-Through

Before beginning the tutorial in Section 4, take a few minutes to open the data package that accompanies this

PDF. The package is titled Use_Case_1_Data.zip. Inside the zip you will find two folders: common and

uc1_finance_operations. This section walks through what each file contains and why it matters for the

tutorial.

The common folder

The common folder contains data shared across all five use cases in this masterclass. For Use Case One, four

of the common files are directly relevant.

chart_of_accounts.csv

The forty-seven-line chart of accounts for Helix Cloud Systems. Each row has an account code (four digits),

an account name, and a category (Revenue, COGS, S&M;, R&D;, G&A;, or Balance Sheet). The copilot will

use this file to look up which account code corresponds to which kind of expense.

vendor_master.csv

Thirty vendors that Helix has paid in the past year. Each row has a vendor ID, vendor name, category,

estimated annual spend, and payment terms. Look at this file carefully. You will notice that two of the

vendors have very similar names: Stratosphere Software and Stratosphere Inc. The copilot is meant to detect

these as a likely duplicate.

customer_master.csv

Forty customers across three segments: ten enterprise, twenty mid-market, ten growth. Each row has

customer details including ARR, account owner, and CSM owner. The copilot uses this to understand which

customer relationships matter most in the AR aging analysis.

employee_roster.csv

Twenty-five employees including the named executives and the finance team members. The copilot will

reference this when analyzing transactions by preparer or approver.

monthly_pnl.csv

Twelve months of P&L; history. The copilot uses this to put individual transactions in the context of total

monthly spend.

company_profile.md

A one-page narrative description of Helix Cloud Systems. Useful as context for the model when it begins a

fresh conversation.
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The uc1_finance_operations folder

This folder contains the data specific to the Finance Operations Copilot.

general_ledger.csv

Approximately one hundred seventy-four GL transactions spanning January through April 2026. Most are

from April, with samples from earlier months for trend analysis. Each row has a transaction ID, date, account

code, description, debit or credit amount, vendor or customer reference, department, preparer, and approver.

This is the main file the copilot will analyze.

ar_aging.csv

Thirty rows showing the accounts receivable aging snapshot as of May 27, 2026. Look at the top three rows:

Falcon Group has three outstanding invoices totaling two hundred sixty-seven thousand dollars, and two of

them are past ninety days. This is a collections risk the copilot will surface.

ap_aging.csv

Fifteen rows showing the accounts payable aging snapshot. Most invoices are not yet due. A few are slightly

late.

credit_card_transactions.csv

Forty-nine corporate credit card transactions. Useful for demonstrating how the copilot categorizes ad-hoc

spend that does not flow through the vendor invoice process.

journal_entry_log.csv

Twenty manual journal entries with their approval timing.

close_checklist.csv

The thirty-task month-end close process with task ownership and estimated hours. The copilot can use this to

understand where in the close process its outputs are most useful.

Three policy documents

Three markdown documents that describe the expense categorization policy, the revenue recognition policy

excerpt, and the accrual policy. The copilot will reference these when making categorization

recommendations.

How to look at the files

Before continuing, take five minutes to do the following.

Open the data zip. Navigate into the uc1_finance_operations folder. Open general_ledger.csv in a

spreadsheet program (Excel, Google Sheets, or Numbers). Scroll through it. Notice the variety of

transactions. Notice the descriptions: some are clear, some are deliberately vague. Notice the preparer
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column: four different people prepared these transactions.

Next open vendor_master.csv. Find the two Stratosphere rows. They are at rows fifteen and sixteen.

Notice that they have separate vendor IDs.

Finally open ar_aging.csv. The Falcon Group invoices are at the top because the file is sorted by aging

bucket. Read the three rows. Total exposure: two hundred sixty-seven thousand dollars.

Spending five minutes with the data before starting the tutorial makes the rest of the tutorial more

meaningful. You will know what the copilot is looking at when it makes its findings.

A small habit worth forming

Always look at the data with your own eyes before asking the model to analyze it. The model has no

judgment about what is normal in your data. You do. Five minutes of human familiarity makes you a

much better reviewer of the model's output, because you can recognize when something the model says

contradicts what you have seen yourself.
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Section 4 · Step-by-Step Tutorial: Building the Copilot

This is the heart of Part 5. You will now build a working version of the Finance Operations Copilot using

either Claude or ChatGPT. The tutorial works with either tool. Where the two products differ in interface, this

is noted.

Before you begin, have the following ready: a laptop or desktop computer with a current web browser, an

account on either Claude (claude.ai) or ChatGPT (chatgpt.com), and the Use_Case_1_Data zip downloaded

and unzipped on your computer. If you do not yet have an account on one of these platforms, sign up before

proceeding. Both have free tiers that are sufficient for the tutorial, though paid tiers offer larger context and

faster response.

Plan for roughly forty-five minutes to complete the tutorial. You do not need to do it all in one sitting.

The tutorial is divided into eleven steps. Each step builds on the prior one. Each step includes the exact

prompt to use, an explanation of what to expect in the response, and a note on why this step matters.

Tutorial Step 1: Start a fresh conversation
Open your web browser. Navigate to either claude.ai or chatgpt.com. Sign in. On the main page, you should

see an input box where you can type a message. If you see a previous conversation, do not continue it. Start a

new conversation. In Claude, click the icon that creates a new chat (usually a pencil or a "New" button in the

upper left). In ChatGPT, click "New chat" in the upper left.

Why this matters:

Every AI conversation is independent. The model has no memory of any prior conversation, even your own
previous ones. Starting a fresh conversation means you are starting with a clean slate. This matters because
the conversation we are about to build has a specific structure, and stray context from a previous chat could
confuse the model.

Tutorial Step 2: Set the role and context
In the input box, type or paste the following prompt. Do not press send yet. Read it first.

You are acting as my Finance Operations Copilot for a Series B B2B SaaS company

called Helix Cloud Systems. I am the CFO. The company has $22.4M in annual

recurring revenue, 142 employees, and uses NetSuite as its general ledger

system.

Your job is to help me with the month-end close process by analyzing transaction

data, identifying patterns and anomalies, recommending categorizations for

ambiguous transactions, and producing analytical commentary. You operate under a
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governance framework that requires every output to be reviewed by a named human

(me or my Controller, David Kim) before any action is taken based on it.

For this conversation, you will receive the following files one at a time:

- A chart of accounts with the GL account codes and category mapping

- A vendor master with our approved vendors

- A customer master with our active customers

- An employee roster with our finance team and other key personnel

- General ledger transactions for January through April 2026

- Accounts receivable aging as of May 27, 2026

- Accounts payable aging as of May 27, 2026

- Three policy documents covering expense categorization, revenue recognition,

and accruals

I will paste each file into the conversation one at a time. Please confirm you

understand the role, and then ask me to paste the first file.

Now press send.

Why this matters:

This first message is what is called a system prompt or role prompt. It tells the model who it is acting as,
what context the situation is in, what tools and data it has, and what the governance constraint is. The model
is a very fluent imitator. When you tell it specifically what role to play, it plays the role much more
accurately than if you just start asking questions. Notice how the prompt includes the governance framing:
"every output reviewed by a named human." This shapes how the model writes its outputs. It will produce
recommendations rather than commands, because it knows you are going to review them.

You should see the model respond with a confirmation that it understands the role and a request for you

to paste the first file. Read its response. If it asks clarifying questions, answer them briefly. If it volunteers

analysis before you have provided data, gently redirect it: "Wait for the data before analyzing. Please confirm

you understand and ask for the first file."

Tutorial Step 3: Provide the chart of accounts
Open the file chart_of_accounts.csv from the common folder in your data zip. The easiest way to do this is to

open the file in a spreadsheet program (Excel, Google Sheets, Numbers), select all rows including the header,

and copy them. Alternatively, you can open the file in any text editor and copy the entire contents.

In your AI conversation, type the following prompt followed by the chart of accounts data.

Here is the chart of accounts. Each row has an account code (four digits), an

account name, and a category. Please confirm receipt and tell me how many revenue

accounts, COGS accounts, S&M accounts, R&D accounts, G&A accounts, and balance

sheet accounts there are.

[Paste the contents of chart_of_accounts.csv here]

Replace the bracketed text with the actual contents of the file. Press send.

Why this matters:
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Notice that you are asking the model to confirm what it received by counting the items. This is a small but
important habit. The model can sometimes misread structured data, especially CSV data where some
commas might be inside quoted fields. By asking for a count, you immediately see whether the model has
correctly parsed the file. If the count is wrong, you have caught a problem before it propagates into the rest
of the conversation.

You should see the model report counts that match what you expect: five revenue accounts in the 4000

series, six COGS accounts in the 5000 series, nine S&M; accounts in the 6000 series, four R&D; accounts in

the 7000 series, fourteen G&A; accounts in the 8000 series, and nine balance sheet accounts. If the numbers

are off, the file was not parsed correctly and you should try again, perhaps with a smaller subset first.

Tutorial Step 4: Provide the vendor master
Repeat the same process with the vendor master. Open vendor_master.csv from the common folder. Copy all

rows including the header. Paste into the AI conversation with the following prompt.

Here is our vendor master with 30 vendors. Each row has a vendor ID, name,

category, estimated annual spend, payment terms, and status.

Please confirm receipt and tell me:

1. How many vendors are in each category

2. The top three vendors by annual spend

3. Any vendors whose names look suspiciously similar to another vendor on the

list (this could indicate a duplicate)

[Paste the contents of vendor_master.csv here]

Why this matters:

We are now asking the model to do a small analysis as part of confirming receipt. The vendor name
similarity check is the first appearance of the duplicate vendor pattern. By asking specifically for it here, we
both confirm the model has read the file correctly and we get the first finding of the day. Notice the structure:
a numbered list of specific questions. This is far more productive than asking "what do you see?" The model
produces better output when the questions are specific.

Expected output: the model should report 30 vendors across roughly ten to twelve categories, with the SF

Office Landlord at $360,000 at the top by spend, followed by Google Ads at $240,000 and LinkedIn Ads at

$180,000. For the similarity check, the model should flag Stratosphere Software and Stratosphere Inc as a

likely duplicate. It may also flag a few legitimate near-duplicates like Salesforce and Salesforce Dreamforce,

or AWS Production and AWS Development. That is fine. The model should distinguish between actual

duplicates and legitimate distinct vendors that share a name prefix.

If the model misses the Stratosphere duplicate

It will not, usually. The pattern is intentionally obvious in the data. If for some reason the model does

miss it, type the following: "Look at vendors 13 and 14 in the list. Do you see anything?" This is called

prompting iteration. You guide the model toward what you want, and it almost always finds it the

second time.
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Tutorial Step 5: Provide the general ledger
Open general_ledger.csv from the uc1_finance_operations folder. The file has approximately one hundred

seventy-four rows. Copy all rows including the header. Paste into the conversation with the following

prompt.

Here is our general ledger for January through April 2026, with approximately 174

transactions. Each row has a transaction ID, transaction date, posting date,

account code, account name, description, debit or credit amount, vendor name,

customer name, department, preparer, and approver.

Please confirm receipt and give me a basic summary:

1. Total number of transactions

2. Total debit amount by month

3. Total credit amount by month (this is mostly revenue)

4. Top five accounts by total debit amount

Do not analyze anything else yet. We will go deeper in subsequent prompts.

[Paste the contents of general_ledger.csv here]

Why this matters:

Two important things in this prompt. First, the instruction "Do not analyze anything else yet." This prevents
the model from producing a flood of unfocused observations before you have set the analytical agenda. The
model is eager to be helpful, and without the constraint, it would dump every observation it noticed into a
long response. Second, the explicit list of four things to report. Specificity in the question produces specificity
in the answer. A general question like "summarize the GL" would produce a much less useful response.

Expected output: the model reports approximately 174 transactions with debit amounts ranging from a

few hundred thousand to a few million per month and credit amounts (revenue) approximately one to two

million per month. The top accounts by debit will include payroll-related accounts and the SF office rent.

Verify these numbers make rough sense to you. If the model reports a count that is materially different from

one hundred seventy-four transactions, something went wrong in the paste; try again.

Tutorial Step 6: Run the first analysis — legal fees trend
Now that the model has the chart of accounts, vendor master, and general ledger loaded, you can ask

analytical questions. Start with the legal fees pattern. Type the following prompt.

Now I want you to analyze the Legal Fees account, which is code 8010 in our chart

of accounts.

For the four months we have data on (January, February, March, April 2026),

please tell me:

1. The total legal fees in each month

2. Whether you see any trend or anomaly

3. Which vendors and which transactions are driving any anomaly
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4. What you would recommend I do about it

Be specific. Cite individual transactions where helpful.

Why this matters:

This is the first real analytical question. Notice how it is structured. We tell the model exactly which account
to focus on, what time periods to compare, what dimensions of analysis we want, and what kind of
recommendation we expect at the end. We also instruct it to be specific and to cite individual transactions.
The instruction to cite transactions is important for two reasons. First, it forces the model to ground its
analysis in the actual data rather than producing vague observations. Second, it gives you something to
verify against when you review the output.

Expected output: the model should report legal fees rising from approximately $7,800 in January to

$48,000 in February to $70,000 in March to $126,000 in April. It should identify this as a roughly sixteen- to

seventeen-fold increase versus the January baseline. It should note that the transactions in February, March,

and April carry descriptions like "Special matter" without further context. It should recommend investigation,

likely involving the General Counsel (Naomi Bridges), to understand what the special matter is and whether

it warrants disclosure to the audit committee.

Read the response carefully. Verify the numbers against the data if you want. This is the kind of finding

that, in a real finance organization, the CFO would act on the same day.

Tutorial Step 7: Run the second analysis — preparer pattern
Now we test for the systematic miscoding pattern. Type the following prompt.

Now I want you to analyze the preparer pattern. We have four preparers in

finance: Elena Vargas, Owen Thompson, Quinn Parker, and Tina Walker.

I want to detect any systematic miscoding. The marketing vendors in our vendor

master are: Google Ads, LinkedIn Ads, Demand Gen Agency LLC, Content Studio Inc,

and SaaStr.

Please analyze the GL and tell me:

1. For transactions involving these marketing vendors, what GL account codes did

each preparer use?

2. Are there any preparers whose pattern of account code usage for marketing

vendors differs notably from the others?

3. If so, which preparer, and what kind of miscoding do you see?

4. What would you recommend?

Show me the underlying counts. Be specific.

Why this matters:

This is a more sophisticated query. We are not asking "is there a preparer pattern" in the abstract. We are
asking a specific analytical question: when transactions involve marketing vendors, what account codes is
each preparer using? This kind of targeted question is what separates a useful copilot from a random
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analysis generator. The targeting comes from knowing what kinds of errors are possible in a finance
function. Marketing miscoded as G&A; miscellaneous is one of the most common categorization errors in
any company that does not have tight controls. By asking the right question, we surface the pattern.

Expected output: the model should report that Quinn Parker coded twelve marketing-vendor transactions

(totaling roughly $57,000) to account 8099 (Miscellaneous G&A;), versus Owen Thompson who coded only

one such transaction to 8099. It should note that Quinn also has two correctly coded marketing transactions,

so the pattern is not absolute, but the strong tendency to miscode is clearly visible. It should recommend

training for Quinn and a reclassification journal entry for the affected transactions.

What just happened

The model found a pattern that would be invisible to anyone reviewing transactions individually. No

single Quinn Parker transaction looks wrong on its own. The pattern only emerges when transactions are

grouped by preparer and by vendor type. This is exactly the kind of analysis a finance operations copilot

is meant to make easy. A human could do it, but it would take hours of spreadsheet work. The copilot

does it in seconds.

Tutorial Step 8: Run the third analysis — ambiguous transactions
Type the following prompt.

Now I want to address the ambiguous transactions. Many of our GL transactions

have vague descriptions like "Invoice payment", "See attached", "Misc expense",

or "Adjustment". These are time-consuming for our Controller to review manually.

Please:

1. Identify all transactions in the GL whose descriptions are too vague to

determine the correct category from the description alone

2. For each such transaction, look at the vendor name, the existing account code,

the amount, and the date

3. For each transaction, tell me whether the existing categorization looks

correct or whether you would recommend a different category, based on the chart

of accounts and the vendor master

4. For transactions where you cannot make a confident recommendation, flag them

as needing human review

Group your output into three lists:

- Confidently correctly categorized (no action needed)

- Confidently miscategorized (recommend reclassification)

- Genuinely ambiguous (needs human review)

Be specific. Reference transaction IDs.

Why this matters:

This is a complete categorization workflow in one prompt. We are asking the model to do triage on the
ambiguous transactions: which ones can it confidently handle, which ones should it reclassify, and which
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ones need human attention. The three-bucket output is what David Kim actually needs. He does not need
every transaction reviewed by a human. He needs to know which ones require his judgment and which ones
the system can handle. The copilot is sorting the wheat from the chaff.

Expected output: the model should produce three lists. The majority of the ambiguous transactions should

fall into the first bucket (correctly categorized despite vague description, because the vendor and amount are

clear). A meaningful number should fall into the third bucket (genuinely ambiguous, needing review). A

smaller number may fall into the second bucket if the model spots clear miscategorizations.

Read the third list carefully. These are the transactions that, in a production deployment, David would

review every month. The copilot has already done the triage. He only looks at the cases that genuinely need

his judgment.

Tutorial Step 9: Run the fourth analysis — AR collections risk
Now we shift to a different file. Open ar_aging.csv from the uc1_finance_operations folder. Copy all rows.

Type the following prompt.

Now I want to look at our AR collections risk. Here is our AR aging snapshot as

of May 27, 2026.

After receipt, please tell me:

1. The total AR by aging bucket (Current, 31-60 days, 61-90 days, 90+ days)

2. The five largest individual exposures past 60 days

3. Any customers with concentration risk (multiple invoices outstanding)

4. What you would recommend doing about the top concern

Be specific and cite invoice IDs.

[Paste the contents of ar_aging.csv here]

Why this matters:

Shifting to a different file demonstrates that the copilot is flexible. It is not locked into one type of analysis.
The same pattern (load data, ask specific question, get specific response) applies regardless of which file you
are working with. This is what makes the copilot pattern so useful: once you learn the pattern, you can apply
it to any new data source you encounter.

Expected output: the model should report the aging summary and identify Falcon Group as a meaningful

concentration risk with $267,000 outstanding across three invoices, two of which are past ninety days. It

should recommend immediate escalation to the account owner (Marco Russo) and the CRO (Michael

O'Brien). If a customer is showing churn signs in customer success data, the situation is more serious. The

copilot will not know about churn signals without the customer success data, but it should note that the

collections issue and any churn risk should be evaluated together.
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Tutorial Step 10: Ask for a synthesis
You have now run four separate analyses: legal fees trend, preparer pattern, ambiguous transactions, and AR

collections risk. Each one has surfaced findings. The final analytical step is to ask the copilot to synthesize

everything you have learned into a brief executive summary that you could send to the rest of the executive

team or use as the basis for your management review on day four of close.

Based on everything we have analyzed in this conversation, please produce a brief

executive summary suitable for me to share with David Kim (Controller) and Sarah

Chen (CEO).

The summary should be six paragraphs of prose, no bullet points, in the following

order:

1. Opening paragraph: framing the analysis and its purpose

2. The legal fees anomaly: what we found and what we recommend

3. The Quinn Parker miscoding pattern: what we found and what we recommend

4. The ambiguous transactions handling: what we found and how it changes the

close process

5. The Falcon Group collections risk: what we found and what we recommend

6. Closing paragraph: implications for the close process and next steps

Use a measured, executive tone. No marketing language. No exclamation points.

Acknowledge what we do not yet know.

Why this matters:

Synthesis is where the copilot earns its keep. The four separate analyses are useful, but the work product
David and Sarah will actually consume is a synthesis. By asking the copilot to produce the synthesis with
explicit format requirements (six paragraphs, no bullets, specific order, measured tone), you get back
something close to what you would write yourself. You will edit it. You should edit it. But the gap between
"blank page" and "edit this draft" is huge, and the copilot has just compressed that gap.

Expected output: a six-paragraph executive summary covering all four findings, written in measured

prose suitable for sharing. Read it carefully. Look for any factual claims that seem off, any tone that feels

wrong, any specifics that need to be added or removed. Make your edits. The result is a working draft of a

real management memo.

Tutorial Step 11: Save the conversation and document the work
Before you close the conversation, do two things.

First, save the conversation. In Claude, conversations are saved automatically and accessible from the

sidebar. In ChatGPT, the same. Give your conversation a clear title like "Helix April 2026 Finance

Operations Analysis." You may want to revisit it later, especially to review what you learned or to apply the

same pattern to next month's close.

Second, write a brief note for the workflow registry. Even in a learning context, the habit of

documentation is what distinguishes mature workflow usage from ad-hoc experimentation. Note the date, the

data files used, the prompts that produced the most useful outputs, and any places where the model struggled
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or required iteration. Over time, this note becomes your library of what works.

Why this matters:

In production, the audit trail captures this automatically. In the tutorial, you maintain it manually. Either
way, the discipline of recording what you did is what makes the workflow reusable. The next time you do this
analysis (next month, with May 2026 data), you will refer back to the prompts that worked this month. Over a
few months, the prompts get refined into something close to a standard operating procedure.

What you have just done

You have built a working version of the Finance Operations Copilot in approximately forty-five minutes. The

version is a tutorial version. It runs in a chat interface. It requires you to paste files in manually. It requires

you to type the prompts. But the substance of what it produces, when you compare the outputs to what David

Kim and Elena Vargas would have produced manually, is at least as good and is produced in a fraction of the

time.

More importantly, you have learned the pattern. The pattern is: establish the role and the governance

framing, load the relevant data files with verification of correct receipt, ask specific analytical questions with

clear output format requirements, synthesize findings, and document the work. This pattern generalizes. The

remaining four use cases in this masterclass will apply variations of the same pattern to different data and

different questions. The pattern is the executive skill. The specific prompts are the application.

The pattern is the executive skill. The specific prompts are the application.
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Section 5 · From Tutorial to Production

The tutorial version you just built is the right place to start. It is also not the production version of the

workflow. This section explains the gap between the two, and the path from one to the other.

What changes in production

Four things change when this workflow moves from tutorial to production.

1. The data flows automatically

In the tutorial, you copied data from CSV files and pasted it into the chat. In production, the workflow

connects to NetSuite directly through the Model Context Protocol. When the workflow runs, it pulls the

current GL data, vendor master, chart of accounts, and so on, without any human copying and pasting. The

data is always current. The workflow is always run against the real, live data.

2. The workflow runs on a schedule

In the tutorial, you started the conversation when you wanted to. In production, the workflow runs

automatically on the third day of each close, at a defined time. The outputs are produced and made available

to David Kim for review. He does not have to remember to invoke the workflow. The workflow invokes

itself, and David reviews the outputs.

3. The audit trail is automatic

In the tutorial, you wrote a manual note for the workflow registry. In production, every invocation of the

workflow automatically produces the thirteen-field audit trail described in Section 4 of Part 4. The audit trail

is stored in the dedicated audit trail system. It is accessible to David, John, Naomi, Wei, and the external

auditor on request.

4. The outputs are structured

In the tutorial, the outputs were prose responses in the chat. In production, the outputs are structured data: a

list of flagged transactions, a categorization recommendation table, a set of anomaly findings, an executive

summary draft. These structured outputs flow into other systems: a review queue for David, a draft document

for Elena to edit, an alert to Naomi if a legal anomaly is detected.

The engineering work to get from tutorial to production

Roughly six to eight engineering weeks for an initial production version. The work breaks down

approximately as follows.

Two weeks to build the MCP integration with NetSuite and the other source systems. This is the data

plumbing that gets the GL, vendor master, and so on into the workflow automatically. Raj Patel has indicated
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this is feasible in his existing engineering team capacity.

Two weeks to build the workflow orchestration. This is the code that runs the sequence of analyses on a

schedule, captures the audit trail, and produces the structured outputs.

One week to design and build the review interface for David. This is where the structured outputs are

presented to him in a form that supports quick review and approval.

One week for governance integration: registration in the workflow registry, audit trail testing, security

review by Wei, legal review by Naomi.

Two weeks for testing, calibration, and iteration. The prompts that worked in the tutorial will need to be

hardened for production: more robust to edge cases, more consistent across invocations, better at handling

errors gracefully.

What you can do before the production version is ready

You do not have to wait for the production version to begin capturing value from this workflow. Even in its

tutorial form, the copilot can be invoked monthly during close week, with the data manually loaded, and the

outputs reviewed and acted on.

John Campbell's plan is to begin running the tutorial version with David and Elena in the first month after

the data zip and the prompt set are stabilized. The team will run the tutorial version for two to three months

while the production version is being built. By the time production is ready, the team has already learned how

to work with the copilot, and the production deployment becomes an upgrade rather than a new behavior.

This is, in itself, a sensible architectural pattern. Deploy the simple version first to learn what works.

Build the sophisticated version once the requirements are well understood. The reverse order, building the

sophisticated version against theoretical requirements, is how most enterprise AI initiatives fail.

The discipline of starting simple

The tutorial version of the copilot is not a toy. It is a working artifact that produces real value. Many

companies never get past this version, and that is acceptable for many use cases. The decision to invest

in the production version is a separate decision, made when the tutorial version has proven its value and

the engineering investment is justified. Until then, the tutorial version continues to produce value every

month.
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Section 6 · Expected Outputs and Success Criteria

How will we know whether the Finance Operations Copilot is producing the value John Campbell committed

to in his architectural memo? This section sets out the expected outputs and the success criteria against which

the workflow will be measured.

Expected outputs

In its mature operation, the copilot produces three categories of output every month.

Categorization output

A triage of ambiguous GL transactions into three buckets: confidently correct, confidently miscategorized

with recommended reclassification, and genuinely ambiguous requiring human review. The first two buckets

remove work from David's review queue. The third bucket focuses his attention on the cases that need it.

Anomaly output

A list of account-level and pattern-level anomalies: trend breaks in major accounts, vendor duplicates,

preparer outliers, collections concentration risks. Each anomaly is presented with supporting evidence and a

recommended action.

Synthesis output

A draft executive summary suitable for the day-four management review meeting. The summary covers the

period's key findings in prose, with citations to specific transactions or patterns. David and Elena edit the

draft. The edited summary feeds the board reporting workflow in Use Case Two.

Success criteria

John committed to specific outcomes for this workflow.

Metric Baseline Target (12 months)

Close cycle 6 business days 5 business days

David's time on transaction review 8 hours/month 2-3 hours/month

Elena's time on variance commentary 4 hours/month 1-2 hours/month

Categorization error rate Unknown baseline Established baseline plus
reduction

Audit findings on categorization 2-3 minor per audit 0-1 per audit
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What is being measured, and why

Each of the metrics is chosen deliberately. The close cycle is the externally visible measure that the audit

committee and the next investor will care about. David's and Elena's time are the internal measures of

capacity reclamation, which matter for retention and for the function's ability to take on new work. The

categorization error rate matters because it is the leading indicator of audit findings. Audit findings on

categorization are the lagging indicator of the same underlying discipline.

The metrics are reviewed monthly by the CFO. They are reported quarterly to the audit committee. They

are part of the six-month and twelve-month evaluations that determine whether the workflow continues,

expands, or is retired.
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End of Part 5
The Finance Operations Copilot

You have built your first AI workflow for finance. The Finance Operations Copilot is a working artifact that

you can run again against next month's data and the month after that. The pattern you have learned

generalizes to the four use cases that follow.

In Part 6, the masterclass turns to the AI Board Reporting and Narrative System. The use case is

sequenced second in John Campbell's deployment plan because it builds on the close data that the Finance

Operations Copilot has already standardized, and because Elena Vargas has already demonstrated proficiency

with the underlying pattern through her informal use of ChatGPT for variance commentary. By the time you

finish Part 6, you will have built a second working workflow that produces draft board commentary from the

close data, with the same discipline of governance and human review you learned in Part 5.

Before proceeding, take the assessment that follows. The questions test both the substance of the Finance

Operations Copilot and the executive practice it represents.
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Appendix A · Assessment

Twenty questions on Part 5. Twelve multiple choice, five short answer, three scenario-based. Answer key

with explanations follows.

Part I: Multiple Choice

1. The Finance Operations Copilot is sequenced first in John Campbell's deployment plan because:

(a)    It addresses the most expensive business problem.

(b)    It builds team capacity, operates on clean data, and deploys into the function that owns the governance
framework.

(c)    The audit committee specifically requested it as the first deployment.

(d)    It requires the least engineering work.

2. Under the framework, the Finance Operations Copilot is classified as:

(a)    Tier One: Internal Exploratory.

(b)    Tier Two: Internal Operational.

(c)    Tier Three: Financial Reporting Adjacent.

(d)    Tier Four: Financial Reporting Direct.

3. The human review checkpoint pattern used for this workflow is:

(a)    Sampled review.

(b)    Review-before-output.

(c)    Review-after-action with reversal capability.

(d)    No human review required.

4. The primary reviewer named in the workflow design is:

(a)    Elena Vargas.

(b)    David Kim.

(c)    John Campbell.

(d)    Sarah Chen.

5. The duplicate vendor pattern in the data is:

(a)    AWS Production and AWS Development.

(b)    Stratosphere Software and Stratosphere Inc.

(c)    Salesforce and Salesforce Dreamforce.

(d)    There is no duplicate vendor in the data.
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6. The legal fees anomaly in the data shows approximately:

(a)    No meaningful change over the four-month period.

(b)    A sixteen- to seventeen-fold increase from January to April.

(c)    A steady decline over the period.

(d)    A sudden drop in March 2026.

7. The preparer who systematically miscodes marketing expenses is:

(a)    Elena Vargas.

(b)    Owen Thompson.

(c)    Quinn Parker.

(d)    Tina Walker.

8. The Falcon Group collections risk consists of:

(a)    One invoice in the 90+ days bucket totaling $267,000.

(b)    Three invoices totaling $267,000, with two past 90 days.

(c)    Six invoices spread across multiple aging buckets.

(d)    A single current invoice at risk of becoming overdue.

9. In the tutorial, when you set the role for the copilot in Step 2, the prompt establishes:

(a)    The model's name and personality.

(b)    The role, the context, the data available, and the governance constraint.

(c)    A list of forbidden topics.

(d)    The pricing tier the conversation will use.

10. The principal reason to ask the model to confirm receipt of a file with specific counts is:

(a)    To make the conversation feel more polite.

(b)    To verify the model parsed the file correctly before any analysis depends on it.

(c)    To consume tokens before the more important questions.

(d)    To establish a friendly tone for the conversation.

11. The principal difference between the tutorial version of the copilot and the production version is:

(a)    The tutorial version produces lower-quality outputs.

(b)    The production version automates data loading, runs on a schedule, captures audit trail automatically,
and produces structured outputs.

(c)    The production version uses a different AI model.

(d)    The tutorial version is for one-time use only.
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12. The target reduction in David Kim's monthly time on transaction review is approximately:

(a)    From 8 hours to 6 hours.

(b)    From 8 hours to 2-3 hours.

(c)    From 8 hours to zero (full automation).

(d)    No specific target has been set.

Part II: Short Answer

13. In two or three sentences, explain why the tutorial instructs the reader to look at the data files in a

spreadsheet program for five minutes before starting the AI conversation. What executive principle does this

reflect?

14. The Quinn Parker miscoding pattern was not easily detected by looking at aggregate account distributions

across all transactions per preparer. It was detected by looking specifically at marketing-vendor transactions.

In two or three sentences, explain why the more targeted analysis worked when the aggregate analysis did

not.

15. In two or three sentences, explain why the tutorial uses the "Review-before-output" checkpoint pattern

rather than the "Review-after-action" pattern, given that the copilot is producing analytical recommendations

rather than directly modifying the books.

16. The tutorial uses Claude or ChatGPT directly through the chat interface, with files pasted in manually. In

two or three sentences, explain what this approach gains over a production deployment with automated data

loading, beyond just being simpler.

17. The synthesis prompt in Tutorial Step 10 specifies "six paragraphs of prose, no bullet points, measured

tone." In two or three sentences, explain why specifying the format this precisely produces better output than

asking for "a summary."

Part III: Scenario-Based

18. Scenario: Three months into running the tutorial version of the Finance Operations Copilot, David Kim

reports that the copilot has been consistently flagging the same group of recurring small-dollar transactions as

ambiguous when they are actually routine office expenses that simply use a generic invoice description from

the vendor. David is spending more time on this review than the copilot is saving elsewhere. In one paragraph

of executive prose, describe what you would do to address this, what change to the workflow you would

consider, and what governance check you would apply before making the change.
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19. Scenario: A fellow CFO at a peer company hears about your Finance Operations Copilot and asks

whether they can copy your prompts directly into their environment to deploy the same workflow at their

company. Their company is also a Series B SaaS company of similar size but uses QuickBooks rather than

NetSuite, has a different chart of accounts structure, and has a finance team of three rather than five. In one

paragraph, describe what you would tell them about whether the prompts would transfer, and what work you

would suggest they do before deploying.

20. Scenario: Six months after the tutorial version is in monthly use, the external auditor (Marsh and Henning

LLP) raises a question during the annual audit about how AI tools are being used in the close process. They

want to understand the controls. The audit partner notes that they have not yet developed standards for

auditing AI-assisted workflows in finance but they want to be able to test the controls in your case. In one

paragraph of executive prose, describe how you would respond to the audit partner, what specific artifacts

you would provide, and what posture you would take toward developing a joint approach to controls testing.
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Appendix B · Answer Key with Explanations

Multiple choice answers are noted. Short answer and scenario discussions are provided in narrative form. The

scenario answers are deliberately detailed, because they are testing executive judgment under realistic

conditions rather than recall of specific framework provisions.

Multiple Choice Answers

Question 1:   (b)

The copilot is sequenced first because it builds team capacity, operates on clean NetSuite data, and deploys first

into the function that owns the governance framework. See Section 8 of Part 3 and Section 1 of Part 5.

Question 2:   (c)

The copilot is Tier Three because its outputs influence financial reporting through categorization decisions, but

the outputs do not directly enter the books without human review, which keeps it below Tier Four. See Section

5 of Part 4 and Section 2 of Part 5.

Question 3:   (b)

Review-before-output is the default checkpoint pattern under the framework and is used here. Every analytical

output is reviewed by a named human before action is taken. See Section 3 of Part 4 and Section 2 of Part 5.

Question 4:   (b)

David Kim is the primary reviewer, with Elena Vargas as the named backup. The primary reviewer must have

finance team authority. See Section 2 of Part 5.

Question 5:   (b)

Stratosphere Software (annual spend $84,000) and Stratosphere Inc ($48,000) are the deliberately seeded

duplicate vendor pair. Other near-duplicate names in the vendor master are legitimate distinct vendors.

Question 6:   (b)

Legal fees rose from approximately $7,800 in January to approximately $126,000 in April, roughly sixteen- to

seventeen-fold the January baseline. The transactions in February through April carry the description "Special

matter" without further context.

Question 7:   (c)

Quinn Parker codes a clear majority of marketing-vendor transactions to account 8099 (Miscellaneous G&A;)

rather than to the proper 6000-series marketing accounts. Twelve transactions totaling roughly $57,000.

Question 8:   (b)

Falcon Group has three outstanding invoices totaling $267,000, with two ($178,000 combined) in the 90+ days

bucket and one ($89,000) in the 61-90 days bucket.
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Question 9:   (b)

The role prompt establishes who the model is acting as, what context the situation is in, what data and tools it

has, and what the governance constraint is. Each of these shapes how the model produces subsequent outputs.

Question 10:   (b)

Asking for specific counts verifies that the model parsed the file correctly. A misparsed file would produce

wrong counts immediately, before any downstream analysis depends on the data.

Question 11:   (b)

The production version automates data loading via MCP, runs on a schedule, captures audit trail automatically,

and produces structured outputs. The tutorial version requires manual data loading, manual invocation, and

produces prose responses.

Question 12:   (b)

The target is to reduce David's monthly transaction review time from 8 hours to 2-3 hours. The reduction comes

from the copilot doing the triage that David previously did, leaving him to focus on genuinely ambiguous cases.

Short Answer Explanations

13. Looking at the data with your own eyes

The principle is that no executive should ask the AI to produce findings on data the executive has not

personally familiarized themselves with at some level. The AI has no judgment about what is normal in your

data. You do. Five minutes of spreadsheet inspection makes you a much better reviewer of the AI's output

because you can immediately recognize when something the model says contradicts what you have seen

yourself. The deeper executive principle is that the human reviewer's authority comes from the human

reviewer's knowledge of the underlying material, not from the human reviewer's seniority. A senior reviewer

who has not looked at the data is in no position to evaluate the AI's findings.

14. Targeted analysis versus aggregate analysis

The aggregate analysis (G&A; percentage by preparer) failed because Quinn Parker's coding mix includes

many legitimate G&A; transactions (office supplies, rent, software, recruiting) that obscured the marketing

miscoding signal. Her overall G&A; percentage was similar to her peers because their distributions of

transaction types were similar in the aggregate. The targeted analysis succeeded because it filtered to

marketing-vendor transactions specifically and asked what account code each preparer used for those. With the

noise of other transaction types removed, the pattern became immediately visible: Quinn coded twelve such

transactions to G&A; misc, versus one for Owen. The executive principle is that knowing what kind of error is

possible determines what kind of analysis will surface it.
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15. Why Review-before-output rather than Review-after-action

The copilot produces categorization recommendations that David Kim will rely on when deciding which

transactions to reclassify and which to leave alone. Although the copilot does not directly modify the books,

David's decisions based on the copilot's output do modify the books. A categorization recommendation that

David accepts without independent review is functionally equivalent to a direct modification.

Review-before-output ensures the human review occurs at the point where the recommendation enters David's

decision-making, not after the recommendation has already shaped his actions. Review-after-action would be

appropriate only if the actions were trivially reversible, which they are not in financial reporting.

16. What the tutorial approach gains beyond simplicity

The chat-interface tutorial keeps the executive present in the loop in a way that automation removes. When you

paste data and craft prompts yourself, you are forced to think about what data the model needs, what question is

being asked, what format the answer should take, and whether the answer matches what you expected. This is

the executive skill of working with AI, and it is built only by doing it. A production deployment that loads data

automatically and runs prompts on a schedule produces outputs faster but does not teach the underlying skill.

The tutorial version is therefore not merely a stepping stone to production; it is the form in which the executive

learns the discipline that makes production work safe.

17. Why specifying format precisely produces better output

The model is a very capable producer of any format you describe, but it cannot read your mind about which

format you want. A general question like "summarize the findings" leaves the model to guess at length,

structure, and tone, and the guesses are usually unhelpful: too long, too bulleted, too informal. Specifying six

paragraphs of measured prose with a defined sequence gives the model a clear target and produces output that

is close to publishable. The same principle applies in every output specification: the more precisely you

describe the artifact, the closer the first draft comes to the artifact you actually need, and the less editing the

human reviewer has to do.

Scenario Discussions
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18. The recurring small-dollar ambiguous transactions

The first step is to look at the specific transactions David is reviewing and understand the pattern. If they are

recurring office expenses from a small set of known vendors with consistently generic invoice descriptions, the

right move is to update the prompt that identifies ambiguous transactions so that recurring patterns from known

low-risk vendors are automatically categorized rather than flagged. The change is a refinement of the

categorization logic, not a relaxation of governance. The governance check before making the change is

twofold. First, document the change to the prompt in the workflow registry, including the specific vendors and

patterns that will no longer be flagged. Second, run the copilot one more time with both the old prompt and the

new prompt on the same data, compare the outputs, and verify that the new prompt correctly handles the

recurring cases without missing genuinely ambiguous ones. After the change is in production for a month,

review the categorization error rate to confirm the change did not introduce errors. The deeper lesson is that

workflow refinement is a normal part of operation. The copilot you deployed in month one will not be the

copilot you operate in month twelve. The refinements should be deliberate, documented, and tested.

19. The peer CFO asking to copy the prompts

The prompts will not transfer cleanly, but the pattern will. Tell the peer CFO that the executive skill they

should be copying is the discipline of role-setting, file verification, specific analytical questions with format

requirements, and human-reviewed synthesis. The specific prompts in your tutorial are tailored to your chart of

accounts, your vendor master, your finance team's names, your governance framework, and your data formats.

Each of these will be different at their company. The chart of accounts difference alone means that account

code references in the prompts will produce wrong analysis at their company. Suggest they do four things

before deploying. First, take a week to write their own version of the data package using their actual chart of

accounts and vendor master. Second, work through the methodology in Section 7 of Part 4 of this masterclass

for their specific workflow, producing each artifact. Third, write their own version of the role prompt that

names their specific governance constraints and team members. Fourth, run the tutorial with their own data and

their own prompts for at least one full close cycle before relying on the outputs. The transferable asset is the

pattern, not the specific text. Anyone copying your prompts directly and running them against QuickBooks data

with a different chart of accounts would get outputs that look plausible but reference accounts that do not exist

in their environment. The risk of false confidence in such outputs is real.
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20. The external auditor inquiry

The right response is to welcome the inquiry, treat the auditor as a partner in developing standards rather than

as an adversary, and provide complete documentation. Specifically, share four artifacts. First, the AI

Governance Charter from Section 9 of Part 4, which establishes the framework under which the copilot

operates. Second, the workflow design package for the copilot, including all eight design artifacts from Section

7 of Part 4: problem statement, output specification, risk classification, data flow map, review design, audit trail

specification, substitution path, and approval record. Third, sample audit trail records from the past three

months of operation, showing the thirteen-field minimum trail captured for every invocation. Fourth, the

periodic review records showing how David Kim and Elena Vargas have been reviewing outputs and what

changes have been made to prompts and procedures over the period. The posture toward the auditor is

collaborative. Acknowledge that AI in finance is a developing area for auditors as well as for finance functions,

and offer to participate in any joint review or pilot the auditor wants to conduct on testing approach. Offer to

give the auditor direct access to the workflow registry and the audit trail system, subject to appropriate access

controls. The deeper principle is that an auditor who is allowed to see the discipline early is an auditor who

becomes a constructive collaborator. An auditor who only sees the discipline when something has gone wrong

is an auditor who concludes the discipline was inadequate. The investment in transparency now is the cheapest

way to manage the relationship over the long term.


